But where are we marching to?

Of trust and provenance: knowing
where we've been and deciding
where we're going.

Anita de Waard
VP Research Collaborations
a.dewaard@elsevier.com

1 Fiesole
P Retreat

“To think this all began with letting
autocomplete finish our sentences.”


mailto:a.dewaard@elsevier.com

My Abstract! What do you think? Any issues?

From fake news to papermills to plagiarizing chatbots, the knowledge objects
that scholars, libraries and publishers, create, share and curate are subject to
doubt. So how can we restore confidence in research? Al is here to stay, and
will increasingly gain ground as a partner in the research process. But we need
to make sure that what we create and curate together in this cyborgian
knowledge environment serves humanity, and the future we hope to create.
This talk will raise a few questions and share a few examples on how<.>we
can use Al to combat the challenges of doubt and misinformation in research.
I'll discuss how Al can be used to verify sources, detect plagiarism and
generate trustworthy research outputs. Additionally, we will explore the
potential of Al to assist with data analysis, identify patterns and generate new
insights. However, as we embrace Al in research, we must also be mindful of
the ethical implications and potential biases that could arise. Ultimately, we
need to work collaboratively to ensure that Al is used in a way that aligns with
our values and contributes to a sustainable and equitable future for all.
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Is that a problem for you?

Uncanny valley for language! BLSEVIER

Language models can generate language answers
that are either perfectly human and helpful or wildly
inhuman or incorrect, without clear reasons as to
which type of answer one will receive, leading to
discomfort and distrust of the technology.
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Actually, | made that picture... Or did |? pe.
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@ DALL-E History Collections

Edit the detailed description Surprise me Upload

Uncanny valley: a photograph of a cyborg that looks very realistic. A person is looking at it, very afraid. Generati

« Copyright? DOI? Ownership?
 How do we archive, index, sell, share... publish this?
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RacelEthnicity: White, non Hispanic

| Insurance: Uninsured

Allergies: None

Contact Information: Not specified
Contact Preferences: Not specified
Emergency Contacts: Not specified

Reason for Visit:

Download

Impact of a Virtual Patient Simulation on Nursing

Students’ Attitudes of Transgender Care

Study findings support experiential learni (,Ol’npetltlon

effective tool in teaching cultural compete

caring for transgender patients.

LaySumm (The 1st Computational Linguistics Lay Summary Challenge Shared Task)

;;@%@%ﬁﬁﬁ%zﬁ;@lh O :;;ur\r;,n»: ilashaRavichander - Current server \E\n‘:jp-.y‘:ﬂ\ 27,2023, 7:32 pm. UTC
Al can help protect patients and train nurses

A New Age of Discovery: Using Al to Generate Topic Pages

Overview

LaySumm - Overview

Evaluatior

Lay Summary Generation is a shared task that focuses on generating lay summaries for scientific documents.

flerms and Conditions

LaySumm is one of three shared tasks conducted as part of: 1st Workshop on Scholarly Document Processing

Taxanomy Building Quality

Confirmation
By collecting feedback
from subject matter
experts and measuring
quality, topic pages are
continuously improving,

Over 15 taxonomies in
different fields have been
used to identify the most
impartant concepts ta
build topic pages.

Topic Pages

Al can help explain scholarly outputs

We run our taxonomies
across all Elsevier's hook
content and ather reference
material to identify
potentisl candidates
for extraction.

Relevancy Ranking
Heuristic techniques are
used to rank definitions
and snippets ta push the
most relevant and diverse.
infarmation to the top.

Algorithmic
Information Extraction
‘We then use natural language
protessing algorithms to
ensure the right sectians of
content are being chosen.

https://journals.lww.com/nurseeducatoronline/Citation/2023/05000/Impact_of a Virtual Patient Simulation_on_Nursing.6.aspx

https://www.elsevier.com/__data/assets/pdf file/0006/901635/ACAD_L_SD_INFO_TechSDTopics_ WEB.pdf

https://competitions.codalab.org/competitions/25516
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But Al can also be biased:
Bias in data [Scheuermann et al]:

ELSEVIER

A particularly interesting example was PUBFIG, which had two gendered annotations: “male”
and “attractive woman,” of which there was no associated “female” [87]. The absence of annotations
for “female” or “attractive man”, however, highlights the culturally-situated values around gender
that can emerge within an annotation schema (c.f., [150]).

Bias in algorithms [Amnesty International Report]:

Xenophobic machines: Discrimination through unregulated
use of algorithms in the Dutch childcare henefits scandal

October 25, 2021, Index Number: EUR 35/4686/2021

EUROPE AND CENTRAL ASIA  TECHNOLOGY AND HUMAN RIGHTS

Social security enforcement agencies worldwide are increasingly automating their processes in the hope of

detecting fraud. The Netherlands is at the forefront of this development. The Dutch tax authorities adopted an

algorithmic decision-making system to create risk profiles of individuals applying for childcare benefits in order to
a detect inaccurate and potentially fraudulent applications at an early stage. Nationality was one of the risk factors

Scheuerman et al., “How We've Taught Algorithms to See Identity Constructing Race and Gender in Image Databases for Facial Analysis”, ACM HCI, CSCW May 2020, https://doi.org/10.1145/3392866
“Xenophobic machines: Discrimination through unregulated use of algorithms in the Dutch childcare benefits scandal” October 25, 2021 https://www.amnesty.org/en/documents/eur35/4686/2021/en/
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And Al can be weaponized:
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Unethical behaviors are increasing

560
I 4 Paper mill indicators
I Image manipulation

I Total retractions
432

2023
Est.

2017 2018 2019 2020 2021

2022
YTD

Growth of retractions, 2017-2022 YTD & estimated 2023

https://www.the-geyser.com/chatgpt-says-its-not-an-author/ -- https://www.elsevier.com/about/policies/publishing-ethics/the-use-of-ai-and-ai-assisted-writing-technologies-in-scientific-writing

Internal data but covered by Sarah Jenkins at https://www.stm-assoc.org/events/stm-research-integrity-master-class-2/


https://www.the-geyser.com/chatgpt-says-its-not-an-author/ -- 
https://www.elsevier.com/about/policies/publishing-ethics/the-use-of-ai-and-ai-assisted-writing-technologies-in-scientific-writing

What to do? RELX responsible Al principles:

AS PART OF OUR RESPONSIBLE Al APPROACH... Here’s what that looks like in practice:

Developed and implemented
Algorithmic Impact Assessment tool

1. We consider the real-world impact of our solutions on people

We train on bias protection in data

2. We take action to prevent the creation or reinforcement of unfair bias —»| ) )
algorithms and follow up on spotted biases

. We can explain how our solutions work

Standards and practice on responsible Al rolled out across RELX

A 4

4. We create accountability through human oversight .| Accountability throughout Data Science Lifecycle,
set of principles around e.g. LLMs

A

DI CEONG NS

5. We respect privacy and champion robust data governance ] - ] ] ]
\ Signposting & integration of Al work with Data

Protection & Privacy process

https://www.relx.com/~/media/Files/R/RELX-Group/documents/responsibility/download-center/relx-responsible-ai-principles-0622. pdf
On Al-assisted tools: https://www.elsevier.com/about/policies/publishing-ethics/the-use-of-ai-and-ai-assisted-writing-technologies-in-scientific-writing
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Collaborative Research!
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Post pubbcation commenting Open

Use.
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Publishers can include finks n these descriptions which lead

Ol inthe case of past publication commanting, thi should
e actively communicated. For example:

Reviowwer it acta with.Ehtor, Othar Reviewar(s)
v informastion S 3shed Beviens recrt. revime ries

Ecosystem participants, unite!

Introducing the STM Integrity Hub.

The STM Integrity Hub is a robust, direct response to safeguard the integrity of science. Through a
combination of shared data and experiences, and by harnessing technological innovation, the STM Integrity Hub
offers a holistic approach to detect research-integrity-offending manuscripts. Here, publishers can effectively
and efficiently respond to the increasing and alarming volume of materials entering scholarly communications
that violate accepted research integrity.

More specifically, the STM Integrity Hub will provide a cloud-based environment for publishers to check
submitted articles for research integrity issues, consistent with applicable laws and industry best practice and
fully respecting the laws and ethics of data privacy and competition/anti-trust laws. In this environment,
publishers may collaborate with other parties of their choosing to develop and operate screening tools for the
benefit of the entire scholarly ecosystem.

Think of it as a knowledge exchange: where publishers may share experiences and learnings regarding how best
to safeguard research integrity in science; a think tank for policy and legal frameworks; and a living library of
» https://aclanthology.org/2022.sdp-1.26/ infrastructure and tools.

WASHINGTON DC I

APRIL 25, 2023

STM PRESENTS
RESEARCH INTEGRITY
MASTERCLASS

*  https://www.stm-assoc.org/stm-integrity-hub
*  https://www.niso.org/press-releases/2021/07/stms-peer-review-taxonomy-be-formalized-ansiniso-standard/
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Provenance standards: all together now!
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annotators. for used in policy/patents, etc
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citations, tweets about the paper, etc

Solid science/Reproducibility
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with community standards in {RCTs, cell biology}, and links to data and software; guidelines, we ran double-blind peer-review on date X
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it has been peer-reviewed and revised

Research integrity/Ethics

This is verified as real research, written by an identified
(and human) researcher, it is conflict-free, and novel scholarly output conflict of interest, ete

We know this because we ran
iThenicate and checked ORCID,



Anything else re.: "How will Al influence the work of libraries and librarians, g

especially in the humanities?”

ELSEVIER

Here are a few ways in which Al may impact libraries and librarians in the humanities:

1.

Discovery and Search: Al-powered search and discovery tools can help users find relevant resources quickly and efficiently,
even among large collections. Al can also be used to improve the quality of search results by using natural language
processing (NLP) and machine learning algorithms to understand the context and intent of user queries.

Personalization: Al-powered personalization systems can be used to provide users with tailored recommendations of resources
based on their research interests and browsing history. This can help increase the relevance and effectiveness of library
resources for users.

Content analysis and understanding: Al can be used to analyze large amounts of unstructured data, including text, images, and
audio. For example, NLP techniques can be used to automatically extract key concepts, entities, and relationships from texts,
making it easier for librarians and researchers to analyze large collections of humanities materials such as books, journals, and
manuscripts.

Digital Humanities: Al can also be used to support digital humanities research, such as text-mining, sentiment analysis and
sentiment extraction, which can aid in research on large datasets of historical, literary and linguistic content.

Automation: Al can help automate repetitive tasks such as data entry, classification, and metadata creation. This can free up
librarians' time to focus on more complex and value-adding tasks such as research support and instruction.

Metadata generation: With the help of machine learning, Al can help automate the process of metadata creation, speeding up
the process and also providing more accurate descriptions of digital resources.

Preservation and Conservation: Al can help with the identification, preservation and conservation of digital heritage. For
example, computer vision techniques can be used to help identify and preserve images and other media in digital collections.

GPT3.5, 1/16/23



Maybe ChatGPT has evolved in its thinking about this?
GPT4, 4/28/23

GPT3.5, 1/16/23

1.

Discovery and Search: Al-powered search and
discovery tools can help users find relevant resources
quickly and efficiently, even among large collections,,,,

Personalization: Al-powered personalization systems
can be used to provide users with tailored
recommendations of resources based on their research
interests and browsing history,,,

Content analysis and understanding: Al can be used to
analyze large amounts of unstructured data, including
text, images, and audio,,,,

Digital Humanities: Al can also be used to support
digital humanities research, such as text-mining,
sentiment analysis and sentiment extraction,,,

Automation: Al can help automate repetitive tasks such
as data entry, classification, and metadata creation,,,

Metadata generation: With the help of machine
learning, Al can help automate the process of metadata
creation,,,

Preservation and Conservation: Al can help with the
identification, preservation and conservation of digital
heritage,,

,

ELSEVIER
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Cataloging and metadata generation: Al can help automate cataloging processes and
generate metadata for library resources. By using machine learning algorithms,,,

Semantic analysis and text mining: Al-powered semantic analysis and text mining can
help librarians better understand and organize vast collections of texts in the
humanities...

Improved search and discovery: Al can enhance search functionality by understanding
natural language queries, providing more accurate and relevant search results...

Personalized recommendations: Al can analyze user behavior, preferences, and search
history to generate personalized reading recommendation...

Enhanced digital collections: Al can be used to transcribe, translate, or annotate digital
resources, making them more accessible and engaging for users. ...

Virtual research assistants: Al-powered research assistants can help patrons with tasks
like literature reviews, citation management, and data analysis....

Digital humanities projects: Al can be used in various digital humanities projects, such as
text analysis, topic modeling, and sentiment analysis, to gain new insights into historical
texts, cultural artifacts, and other humanities resources.

Predictive analytics: Al can help librarians identify trends and emerging research areas
in the humanities, enabling them to make informed decisions about collection
development and resource allocation.

Skill development and training: Al-driven tools can be used to create personalized
learning experiences for librarians, helping them...



Um yeah. A relentless pace, indeed!
GPT4, 4/28/23

GPT3.5, 1/6/23

1.

Discovery and Search: Al-powered search and
discovery tools can help users find relevant resources
quickly and efficiently, even among large collections,,,,

Personalization: Al-powered personalization systems
can be used to provide users with tailored
recommendations of resources based on their research
interests and browsing history,,,

Content analysis and understanding: Al can be used to
analyze large amounts of unstructured data, including
text, images, and audio,,,,

Digital Humanities: Al can also be used to support
digital humanities research, such as text-mining,
sentiment analysis and sentiment extraction,,,

Automation: Al can help automate repetitive tasks such
as data entry, classification, and metadata creation,,,

Metadata generation: With the help of machine
learning, Al can help automate the process of metadata
creation,,,

Preservation and Conservation: Al can help with the
identification, preservation and conservation of digital
heritage,,

Similar (though not the same).
In January but not in April.
New in April.
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Cataloging and metadata generation: Al can help automate cataloging processes and
generate metadata for library resources. By using machine learning algorithms,,,

Semantic analysis and text mining: Al-powered semantic analysis and text mining can
help librarians better understand and organize vast collections of texts in the
humanities...

Improved search and discovery: Al can enhance search functionality by understanding
natural language queries, providing more accurate and relevant search results...

Personalized recommendations: Al can analyze user behavior, preferences, and search
history to generate personalized reading recommendation...

Enhanced digital collections: Al can be used to transcribe, translate, or annotate digital
resources, making them more accessible and engaging for users. ...

Virtual research assistants: Al-powered research assistants can help patrons with tasks
like literature reviews, citation management, and data analysis....

Digital humanities projects: Al can be used in various digital humanities projects, such as
text analysis, topic modeling, and sentiment analysis, to gain new insights into historical
texts, cultural artifacts, and other humanities resources.

Predictive analytics: Al can help librarians identify trends and emerging research areas
in the humanities, enabling them to make informed decisions about collection
development and resource allocation.

Skill development and training: Al-driven tools can be used to create personalized
learning experiences for librarians, helping them...
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From fake news to papermills to plagiarizing chatbots, the knowledge objects that
scholars, libraries and publishers, create, share and curate are subject to doubt. So
how can we restore confidence in research? Al is here to stay, and will increasingly
gain ground as a partner in the research process. But we need to make sure that
what we create and curate together in this cyborgian knowledge environment
serves humanity, and the future we hope to create. This talk will raise a few
qguestions and share a few examples on how<.>we can use Al to combat the
challenges of doubt and misinformation in research.

I'll discuss how Al can be used to verify sources, detect plagiarism and generate
trustworthy research outputs. Additionally, we will explore the potential of Al to
assist with data analysis, identify patterns and generate new insights. However, as
we embrace Al in research, we must also be mindful of the ethical implications and
potential biases that could arise. Ultimately, we need to work collaboratively to
ensure that Al is used in a way that aligns with our values and contributes to a
sustainable and equitable future for all. </>
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In Summary (5/1/23): pe |

From fake news to papermills to plagiarizing chatbots, the knowledge objects that
scholars, libraries and publishers, create, share and curate are subject to doubt. So
how can we restore confidence in research? Al is here to stay, and will increasingly
gain ground as a partner in the research process. But we need to make sure that
what we create and curate together in this cyborgian knowledge environment
serves humanity, and the future we hope to create. This talk will raise a few
guestions and share a few examples on how<.>we can leverage the power of Al to
enhance the credibility and integrity of research.

By developing robust systems that effectively detect and mitigate the risks of
misinformation, plagiarism, and other unethical practices, we can work towards
fostering a more reliable and trustworthy knowledge ecosystem. [...]



GPT4 elaborates on what we need to do:

1. First, we must create Al-driven tools that can effectively identify and filter out fake
news and misinformation. This can be achieved by training machine learning models
on vast datasets of verified and fact-checked content, enabling them to discern factual
information from falsehoods. Additionally, these tools should be designed to flag any
suspicious patterns or inconsistencies, prompting further investigation from human
experts.

2. Second, we should implement stringent checks and balances to prevent paper mills
and plaglarlsm from undermining the quality of published research. This involves
developing advanced algorithms that can detect similarities between submitted
manuscripts and previously published work, as well as cross-referencing authorship
data to uncover potential conflicts of interest.

3. Third, we must focus on promoting transparency and open communication within the
research community. This can be accomplished by creating collaborative platforms
that facilitate peer review, reproducibility, and data sharing among researchers. Al can
play a critical role in streamllnlng these processes, making it easier for scholars to
collaborate and engage in rigorous scholarly discourse.

4. Lastly, we should invest in educating researchers, librarians, and publishers on the
ethical use of Al in the research process. This includes providing resources and
training on best practices for data management, algorithmic bias, and the responsible
use of Al-generated content. [...]
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Question that remains:

By addressing these challenges, we
can harness the full potential of Al to
augment human intelligence,
ensuring that the knowledge we
create and share is reliable,
trustworthy, and serves the greater
good of humanity.

As we move forward in this era of
Al-assisted research, we must
remain vigilant and dedicated to
preserving the integrity of our

shared knowledge, fostering a future ’

where truth and innovation flourish.

https://www.nbcnews.com/news/writers-strike-2023-hollywood-screenwriters-ai-concerns-rcna82543
https://labs.openai.com/e/xj8Xu4KEZLAaegeCIRFmeAlY/Z0AceLjHov9yS09GYzcObMQK

The Writers Guild of America said it wants Hollywood’s top studios
and networks to regulate the use of Al on creative projects. The
union's specific demand, according to a document released Monday,
states: “Al can’t write or rewrite literary material; can’t be used as
source material; and MBA-covered |contract-covered] material can’t
be used to train AL
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